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Authentication using typing-pattern with Neural Network.
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Abstract

PR
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We can operate computers from far away via network nowadays. It is important to

authenticate regular user. A typing-pattern is a special feature of the person, and not knowledge like a
password. It is difficult to imitate a fcial feature of the person, therefore typing-pattern is useful to

authenticate regular user.

This paper proposes a way to authenticate regular user using typing-patiern with Neural Network.
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